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Abstract
In this retrospective study, the researcher analyzed factors that affected the prediction of

gravid women giving preterm births at Police General Hospital using the method of data mining in the
course of which are classified data types and decision trees. The researcher studied Waikato
Environment for Knowledge Analysis (WEKA) computer programming in preparation for examining
factors affecting the prediction of preterm births given by gravid women who gave live births at
Police General Hospital in the period between January 1, 2010 and December 31, 2011. The total
number of live births was 4,210. Data were adjusted involving the method of oversampling through
the use of the synthetic minority over-sampling technique. The data were divided into training data
and testing data. Data were analyzed and tested using the method of 10-fold cross-validation.
Findings showed that factors affecting the prediction of preterm births at Police General Hospital
were various kinds of obstetric complications during pregnancy, premature rupture of membrane,

bleeding per vagina, Pre-eclampsia, Amnioitis and Twins, at an accuracy of 90.37 percent.

Keywords : preterm birth, data mining, decision tree, imbalance data
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