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Abstract

The serious air pollution is one of the key risk factors for cerebrovascular
disease. In addition, satellite-derived aerosol optical depth and air pollution
measured by the monitoring stations could be applied to predict spatial ground-
level PMys, SO, NO2 and CO concentration in unmonitored locations that have not
been captured. However, existing studies on the health effects of air pollution in
Thailand were less considered the regional of air pollution concentration.

This study was to statistically identify the association of satellite-derived air
pollution with the cerebrovascular disease incidence in Thailand based on the
nationwide 5,206,206 confirmed cases reported during 2020-2023, using local
indicators of spatial association (LISA) statistics.

Al results obtained from the Bivariate LISA statistics indicated the localized
associations between satellite-derived PM; s, SO,, NO, and CO and the incidence of
cerebrovascular disease. There is an explicit spatial clustering relationship among the
regions.

Therefore, using satellite-derived air pollution can determine the spatial

relationship pattern with cerebrovascular disease in Thailand.

Keywords: Cerebrovascular Disease, Air Pollution, Satellite Derived Data,
Thailand
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