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Abstract

This research used Landsat satellite imagery to study of the normalized difference vegetation index (NDVI)
time-series change from theyears 2002 to 2015 for forecasting events for the year 2017. This study used the moving
average method and exponential smoothing methods to comparison forecastingof the normalized difference vegetation
index (NDVI) and NDVI smoothing using algorithm RMMEH method. The accuracy assessment of the forecasting
methods includes: Mean Absolute Deviation (MAD), Mean Sum of Square Error (MSE), and Mean Absolute
Percentage Error (MAPE). They compared the results of NDVI and NDVI using RMMH method. The results show
that the values of MAD, MSE, and MAPE fromthe moving average forecasting of NDVI were 0.03, 0.0014, and

0.1906respectively, and the results from the exponential smoothing forecasting of NDVI were 0.04, 0.0027, and
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0.3322 respectively. Meanwhile, the results of the NDVI using RMMH method from the moving average forecasting

were 0.03,0.0010, and 0.2370 respectively. Theresults from the exponential smoothing forecasting were 0.04, 0.0024

and 0.3437 respectively.

Keywords: NDVI, moving average method, exponential smoothing methods, RMMEH smoothing algorithm,

forecasting accuracy
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