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Abstract

This research aimed to (1) develop the recreation tourism recommendation system in Khaokoh District,
Phetchabun Province, by using tourists’ unstructured attraction review and check-in data, and (2) assess the
performance of the recreation tourism recommendation system in Khaokoh District, Phetchabun
Province, by using tourists’ unstructured attraction review and check-in data. We collected 300 Thai
attraction review data points from Google Maps about five recreation tour places: (1) Khao Kho Sacrifice
Memorial; (2) B. N. Farm; (3) Phukaew Resort & Adventure Park; (4) Windmill Field Khao Kho; and (5)
Amazing Dinosaur. These attraction review data were used to analyze the sentence and word structures
using the Bigram algorithm with the data extraction technique and build the check-in system for
counting the number of tourists who visited tourism places. These extracted features were processed
by the improved Content-Based Filtering--CBF. The results of assessing the system’s performance
compared to identifying the tourism place labels by the specialist found that the system can accurately

recommend tourism places at 90%.

Keywords: recommendation system, recreation tourism, Khaokoh District, unstructured review data
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Extract review sentences in a dataset by three
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!
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:
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/\nm completed features
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Normalize the user profiles (CBF) of tourism classes

'

Input the tourist’s expectation sentences to travel in
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!
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