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Abstract

Data Science is a new interdisciplinary field that synthesizes and builds on statistics,
informatics, computing, communication and management in order to transform data to insights for
beneficial decision making and other application. This article describes its meaning and characteristics
of Big Data, definition of Data Science, technical skill needed for Data Science, the main steps in Data

Science, definition of Data Scientist and Data Science in various types of business.
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= Tables, Files « Streams + Probabilistic + Accountability + Hypothetical
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Data Science = (statistics+informatics+computing+communication+sociology+management
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Advanced analytics
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mansineItasiuleya

Data scientist

yARATIIuNUIMagIuNiutoya

Descriptive analytics
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Predictive analytics
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Prescriptive analytics
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Explicit analytics

Yaiuluiinsimseidanssan (descriptive analytics) nan1551891u
NSUINFBY KAEN1IAINNTAL

Implicit analytics

YaiuluNnnsiAs121%98n (deep analytics) Ingldlunalavinung (predictive
modeling) MstinUszaNSAIW NTItATIzsnuUlRALUZUN (prescriptive
analytics) wagasnuinanunsainllgausiels (actionable knowledge)

Deep analytics

a ¢ v A o v v - &
nsaeideyanvihlilannudilasgrsdnds Imszmelamenisel
% a X a X vy ¢ a &£ a | | o
FJuinvu waziindulaegals wnnisalasiinduviseld Faldaunsoseyls
1aglgn153 51 ATINT T UL

EAU HERITAGE JOURNAL

Science and Technology Vol. 12 No. 2 May-August 2018



4 o 1 o

NNuweNdIAUABNITNI19IUAIU Data Science

v

WHUATW Data Science M1@319%7ulag Drew
Conway +Junnunniigndnedediannniign el
afuneisanuiuaziinusidndunenisyiiauiiy

Data Science

h)
™ %
‘ETP Machine 430"6\
QQ Learning %, %
R %%
g %%
* ® S

Substantive
Expertise

AN 3 LHNUNIN Data Science
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1. Hacking Skills wunefs Winwziieafu
msldneluladuazmeadiafiovhauludiuma o o
A9@eulUsunTy A2en1wT Python %30 A191 R
n1sinn1sgrudeyalasld MySQL, PostgreSQL,
Cassandra, MongoDB #38 CouchDB n15&319518914
uazuansradeya (visualization) Ingldie3asle 19y D3
Tableau, Qlikview %39 R Markdown n1sldmalulag
\iedmn1siu Big Data W Hadoop, MapReduce
%3 Spark 1uAu

2. Math & Statistics Knowledge nu1eds
o a 13 aa & @& & o & o
Winwenandinenanswavada Jaduddndudmsu
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o a A a v o oz &
Taya Tuvsfiivadadaduiazuaanaaduiugy
Tunisienudile waznsussyndlddanasiiuves

Machine Learning

MIETATININMINENRE DAL T UL
atfuAnenmansuazinalulag

T 12 21iuf 2 dezafeu woEnAN-GarAN 2561

3. Substantive Expertise #38 Domain
Knowledge mngfis A1wiannudioimauanizainy
Faaztaeliidninermansdeyaannsaisulasinis
Idlaedidvunefidaiauy saudainuaiuisaly
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AAYBY Hacking skills wag Substantive
expertise TuuKuAIN Data Science dufiFoni
Danger Zone! nu1efa n1sviraulaglidainug
Arundinranswazana a1avinliidenlddaneiiy
Alaimanzanfvay Jeilildnadwsiligndes (Al
Data Science,2018)

Rohrer (2016) na1731 Machine Learning
Junalndrdglunisduindeu Data science 34
Wiee 5 Aty Adesaunsanauls Tagld
Sano3fiusng 9 Wuie (1) Is this A or B? (two-class
classification) 38 Is this A or B or C or D? (multi-class
classification) (2) Is this weird? (anomaly detection)
(3) How much/how many? (regression) (4) How
is it organized? (clustering) wag (5) What should

| do next? (reinforcement learning)
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YUMIUNI591 Data Science

nszvrumsnileiifenldlunisinseidoya
ABN1TILATIEYiTayandeina Data Mining A1
14193374 CRISP-DM (Cross Industry Standard
Process for Data Mining) %ﬂﬁ‘ﬁmm 6 i?umau Taun
(1) Business understanding (2) Data understanding
(3) Data preparation (4) Modeling (5) Evaluation

e (6) Deployment

Weihs and Ickstadt (2018) latiiauauuinig
Tun"591 Data Science lngUseendNIIINNITLUIUNIT

WAT1ETeayan1uN1nIgIN CRISP-DM Falidnfu

o 1%
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JUROUNITY) Data Science: 1USgUITIEUTEI1 CRISP-DM Wazdaiauaved Weihs and Ickstadit

CRISP-DM

Weihs and Ickstadt’s Proposal

Business Understanding

Data Acquisition and Enrichment,

Data Storage and Access

Data Understanding, Data Preparation

Data Exploration

Modeling Data Analysis and Modeling,
Optimization of Algorithms

Evaluation Model Validation and Selection

Deployment Representation and Reporting of Results,

Business Deployment of Results

n&y TDSP (The Team Data Science Process)
Igthiaue1s9sTin Geamnsoliidulassaadiednnis
Tassnsifeafuineimanitoya uiionaldaeas
FinanuannsgIudu 1wy mlneideyasemaia
Data Mining (Cross Industry Standard Process
for Data Mining--CRISP-DM) %38 AMSAUMAINS
lugnudeya (Knowledge Discovery in Databases
--KDD) 24a5%3nignosnuuuundiniulazenis
Inenmaniteya Inedinguszasdiiielfidudiumnil
Yo9uaUNaLATUSIaTeE (intelligent applications)

Business
Understanding

Transform, Binning [RESSROIoN
Engineering

Temporal, Text, Image
Feature Selection

Algorithms, Ensemble
Parameter Tuning Model

Retraining Training

Model management

Modeling

Cross Validation Model
Model Reporting :
/B Testing Evaluation

AN 4 1995T3M N5 Data Science

Deployment

Scoring,
Performance

Jaueundietumantiluuildtumatouifenies
(machine learning) n3suuudnasslyausshivg
(artificial intelligence) L‘ﬁamﬁLﬂiwzﬁ%’aga@w‘hma
(predictive analytics) siolU (Thakurta et al., 2017)

2993 3ndiiauelag TDSP Usznaudae
5 Sunaundn laud (1) Business understanding (2)
Data acquisition and understanding (3) Modeling
(4) Deployment wag (5) Customer acceptance

LARIAININ 4

FAYONPONPI On-Premises vs Cloud
Database vs Files
P Streaming vs Batch
Pipeline Il High Frequency
On-premises vs Cloud
I ELIEN Database vs Data Lake vs .
Small vs Medium vs Big Data

7 Structured vs Unstructured
FAl Data Validation and Cleanup
(PN oA Visualization

Data
Acquisition &
Understanding

Customer
Acceptance

monitoring, etc.
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Donoho (2015) na1731 Data Scientist
nuede {11 nldIsn1smadingaansiiie
UamJa'asJLLaza%’wmwwmama%’agaﬁu

91 Useyeyn (Parinya, 2015) na1331 YAa1nsd
uaIneImansteyainaiil Aeaidnldinieile
WU 39014 Amazon Web Services {8 UI#159ANTS
Public Cloud Computing #38 $3nn1sARAIUSUKAS
Hadoop LWaUsH159ANS Distributed Computing
Iiegluguvas Private Cloud Computing 33nilen
NoSQL iiedamgrudeyadimiuuinisdnnis Big
Data 33nld Malab %38 Aw1 R %50 Weka 30
RapidMiner We%1 Machine Learning %38 Data
Mining $3n14 SPSS LieiAs1e9 Statistics 1udu 590
NsUSULALArdIURNUTENNANE WU Raspberry

.o ' ' . & v o=
Pi vi30 mi8AIUAN 1¥U Arduino Wusu Fea1uves
ninereansdoya Indudedddanuiuasinue
% = o g v g a o da =
vangau Juibiiluendniduniesluvuyil

Aulesl MGR Online (2018) latiauenaide
YosuitnuunAfud A3via toile oideungadnieu
2560 s3I Amsmveslaniiteyafiainin
VUl dussuueslawdnld 50% wiagyinldazalu
T 2573 w30 8nnn 10 U drevei Tiies 15% vgi
Uszinalneiidoyafiannsausulmnduszuvoslawin
16 55% usiagsinldaza 17% lud 2573 1ile Al i
flunum Fedududesdinsadrainuzresauliie
yhaugaufuld fduerdninineremanitoyn way
Amnssnuteya Jsfsaunaueg Fsiaaviilanmy
Jreueauis 30 ey fufuniessimanisusu
AIBNITAAATUNIIANY LAZNIALONTUAITASNADTE
ousundngmslviiuntnau iileufiavinusliaenndes
fuAmTIndiuaunau

faif Data Scientist Favianeis nfivenemans
Yoya wie tUnineinsteya dadudvindiily
Msinszideya uarlfinaluladifiedansiudeya
PUALYYY

NTANTITIMINMINANENE BB AR WeT e
atfuAnenmansuazinalulag
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Data Scientist #n9ufiluu

U8ya31n Big Data Analytics Thailand (2016)
Idasgiinludledlne Uismiiguteyavualng
wazdinuAIN15luA15919 Data Scientist 11911911
avaglu 5 nqussfia dail

1. SUIANSNIAYEY

dnwagau Data Science luswasuuaiy
aeaUszAVnan Ao Uszinvusnidendn Credits Jeax
Rerfumngiauidesdieglunesnuessunnis
9 Predictive analytics singigndfiuver
Ruanduniideviels drwauussiniiaoniondy
Customer analytics dafunisiasgsingfinssu
AN YIINISUUINGNANAT MIFUKUUTDIRNAT TIUR
il Predictive analytics YinungngAnssugnan
Tudnwazang 9

2. E-Commerce waz Aulad

U3¥N E-Commerce #94n13 Data Scientist
Wesin1siAsgsidayaannnisfignAunid e
duleduazidendodudn dsnnslinssivilddau
wuuiiugIu L NISUUINGUINAT NTREIAYILTIY
Audn Tuaudsmsdienesiuuudug wu n1svinlaea
Recommendation engine Fuduniswuziindudn
figndneragnlalaegainngAnssudsinuanvesgni

3. g3naAUANANEs

Uslugsiamuanidmansuvsdinisean
Loyalty programs L‘ﬁﬂﬁ@ﬂﬁﬂLLa@ﬂﬁmiazaMLLﬁu
fing o leFedud vhlduisnmaniBuanunsaadns
F1UTBYAGNAT UAZITIAUABINITYAAINTN Data
Science Wievinslinszsideyagnasesensoluls

4. gsnalnsauuAy

fnueuze1U Data Science “Uaﬂﬁq'iﬁﬁﬂmﬂumﬂu
9xfid1ur09 Customer analytics wiasiluldly
nnseenLANBNTSIANITaNAETLS (CRM) Jaya
Wsauueusinazdutoyavunsinguavasiivoyaly
wuvldlilaseadns feduanenulnsauunnuiienis
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Undesgindanuaunsalunisianisuaziinsien
Toyavualvgllafuazanunsavirnuiudeyawuulid
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91U Data Science 1u§iﬁﬁ] Manufacturing
fanisiinsgiteyaiiiotlugnismauny s
M3enagnd inszsideyatiionnlonianiegsna
vl nonnduiniifnhsnuuaneiinedudly
fuduslnalagnsaaziinisasiegudoyagnan Azl

31U Customer analytics L gufiu

unagy
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MANsinTuvesdayanainuatsULUY
pg5n57 shlAiAndeyavuinumaad a1unsa
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Jalugnszuiunsimseideyavuinlug (big
data analytics) Tngldia3asile wavweluladsing o
wananuiy el lenadnsfidents siliAnaans
¢ Data Science 130 Inenenanstoya Jenadws
fld1nnsviningrmansdeyatu Jendn Data

Product w38 AR Toya Bandnsdueitayailens

<

oglusuvuvesdeyaiiledrsativayunisindula
ioLiinyszansaimnisviiay welilduuimsly
nsUfuUssmsliuing vieuleusslevilusudu 4
Fansvirinenemansteyaanansarlulszyndldls
fislumirssuniaiguazaaensy fifiaudosnis
AATINGANTINVRINAT TATIENTOLARNAT 1UU
UFUIATT §ININTANUIAN §INVAUANATES 5309
NINAANIABAAIMNTIU NUTINY E-Commerce
Bumesiile waziivld

AatuyAaIN TV umull vietinIngmans

Y

Toya Fesdndudosdivinue auf aandervg uay
fanuanunsatunisldmalulagdwsuianisiutoya
vualvg nsldusslesdandeyaiidnindniy
agesaiaziinuvainrate Indudewnu
NILUIWMTATIEN JUATI8Y auna waziiaue

= wva

TusUwuuimangay Fegnvinuluaienuiangid 39

Inuagsoarnuiiugiulusuadamans adf uaz
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